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Genetic Algorithm Evaluation
* Goal: Find a set of factor weights g
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® Keyword presence (%) = (Number
of words in the title tag that match
with each of the words in the search
query) / (Total number of words in
the search query).

® Keyword Proximity (%) =
(Maximum number of words in the
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® Keyword prominence (%):
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2 29%* M&EF

EE dc power supply, switching power supply, frame power supply
Metal | CNC lathe machining, die casting molds, stainless steel tube
LED | led down light, led driver circuit, power led driver

Machine | blow molding machine, injection molding machine,
plastic injection machine

ptoeb 2N e PR~ T e Page Rank,

L, LD LD2 ‘i‘ﬁﬁ_ﬁ_;ﬂféﬁ.ﬁ HA L o
PageRank Ja~ehgeFl e 0-10 2 @ >

PUN R OH e - Page Rank #7 12
10 #-Hd @ pitg 0-1 2/F - His
L, LD -LD2 = ﬁ » 3% fragrs{;w’» log -
£ * min-max normalization -3 §
EHET 0-12 /& -

43 RHREE

~E Y B ATFE 2R AR
Evolver & #ja$t B chig & o d
Evolver ¥ - Excel #fe » Flpt 3t i
“f"i“ﬁ’».f!mKlTPR oL, (& LD>
LD2) % ity » 2 excel # » 773
oA~ U # ‘f\ﬁ# g I ken
4 #ic (Score) ~ B F R 4o P 4
(Original Rank) ~ +33% Score "% ¥
B @ plait & (NewRank) m 2 R
e L AeATR Lo L (Rank
Difference) -

(1) Evolver & % §&F: v i g *
Evolver 3% ix e fEf2/% : Recipe
4= Budget > H K & W40

a. Recipe:KIT>PR>L> LD>
LD2 % 24 : 0~1-
b. Budget: KIT>PR->L:> LD>

LD2 K T ff : 0~1; @ 2 1

FEAREE AR L.
(2)

Evolver £z p & : 2 2% 2_Min
Sum (Di) = Rank Difference -~ =
fe & % P %245 F Min Sum (Di)

mﬁ,\ J :E"___ o
4.4 »ziy iFT

5 3 # * R-Precision ( Manning

etal.,2009) k& % sLhffz2 {5 o

& 373 8 B 214 sy o R-Precision
2Ttk REY EpFm
Precision > ## 7 % . R=10 - * Xk §r

Matz Kehhaigss? » Bk
w10 LT o B kAL R RIS AR
T 10 Lt B o 3 E 3 N qea N
(7) -2 7° NewRank 3 & 3uLffzisen
RTEEL o

'F_

=)

i e

New Rank <10
{ } )
10

R - Precision=




Bk AcR 30 4 A o0 H ¥ BRAEN Y Z B RAET chT s
Average R-Precision % e & & B § R-Precision

Average R-precision
(based on Budget solving method)
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70% C n O i
68%
66%
i 64% 2
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o 60% S .y
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KIT+PR KIT+PR+L | KIT+PR+LD K'TJ'PZRJ'LD
—¢—EE 63% 60% 63% 60%
== Metal 70% 70% 70% 70%
LED 63% 63% 67% 67%
== Machine 60% 60% 60% 60%

B 3 # k F]# 2 & ¢ Average R-precision  (Budget solving method )

Average R-precision
(based on Recipe solving method)
72%
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68%
66%
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58%
56%
54%
KIT+PR KIT+PR+L | KIT+PR+LD K'TJ'PZRJ'LD
—4—EE 63% 61% 63% 60%
== Metal 70% 68% 71% 70%
LED 63% 63% 67% 67%
=>¢=Machine 60% 60% 60% 60%

® 4 # F %% 2 & ¢ Average R-precision  ( Recipe solving method )
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Evolver Results

Keyword in Title + PR

Keyword in Title + PR + L

KinTitle | PR | N/A |MinSum(Di) | AVE R-P) | [KinTitle| PR L | Min Sum(Di) | AVE (R-P)
0026 | 0142 | N/A 1201 70% 0155 | 0.831 | 0.008 1195 67%
0.072 04 | NA 1201 70% 0.077 | 0.425 0 1192 70%
0057 | 0315 | N/A 1201 70% 014 | 0.776 | 0.002 1186 70%
0102 | 0568 | N/A 1201 70% 0058 | 0.324 0 1186 70%
0031 | 0175 | N/A 1201 70% 0177 | 0.966 | 0.006 1195 67%
0.08 044 | N/A 1201 70% 0179 | 0.983 | 0.005 1195 67%
0175 | 0975 | N/A 1201 70% 0.112 06 | 0.006 1195 67%
014 | 0771 | N/A 1201 70% 011 | 0596 | 0.004 1195 67%
0165 | 0919 | N/A 1201 70% 0153 | 0.834 | 0.006 1195 67%
016 | 0.896 | N/A 1201 70% 0175 | 0.973 | 0.002 1186 70%

Keyword in Title + PR + LD

Keyword in Title + PR + LD2

K in Title PR LD1 | Min Sum(Di) | AVE (R-P) | | KinTitle| PR LD2 Min Sum(Di) ;AF;V;
0.1 0.757 0.15 1216 73% 0.146 0.867 | 0.011 1187 70%
0.121 0.877 | 0.181 1216 73% 0.101 0.563 | 0.004 1191 70%
0.111 0.918 | 0.221 1210 73% 0.052 0.28 0.002 1191 70%
0.1 0.749 | 0.159 1216 73% 0.181 0.969 | 0.004 1191 70%
0.13 0.745 | 0.004 1195 70% 0.142 0.794 | 0.007 1191 70%
0.08 0.671 | 0.164 1210 73% 0.092 0.513 | 0.004 1191 70%
0.048 0.445 | 0.047 1216 67% 0.18 0.985 | 0.009 1191 70%
0.033 0.464 | 0.078 1209 70% 0.005 0.026 0 1191 70%
0.088 0.96 0.21 1216 70% 0.101 0.585 | 0.003 1191 70%
0.16 0.929 | 0.024 1202 70% 0.173 0.951 0.01 1191 70%
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