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1.Procedure clustering(Dy , Dy LBy, LBy, ,DanLBy, X)
compute T, ;

compute T ;

nt<—count(x );

D,<1/ nt;

Na<—sum(x) x Da;

Nd<—Na X Dd;

Ns<—Nz x Dg;

9. sort x in descending order;

10. For each dense grid x; do

11.  label x; in new cluster ck;
12.  For each neighbor grid h of x; do

O No Gk wN

13. If (h is a dense grid ) then

14, If (x; belongs to cluster c) and
(h belongs to cluster ¢”) then

15. merge ¢ & C’;

16.For each cluster ci do
17.  For each Outside grid of ci do

18. If (g is a sparse grid) then delete g;
19. Else
20. For each neighbor grid h of g do
21. If (h is not a sparse grid)
and (h.label ="no_class” ) then

22. label h.label=ci;
23. Outside grids<—Outside gridsUh ;
24. check_resoure();
25.output C
26.end procedure

W7 ~#4ER

1.Procedure check_resource()

2. compute Upy,;

3. compute Uy ;

4. Ryp<(Tm-Un)/Ti;

5. Rp<Tu-Uy;

6. If (R, = LB, and (R, > LBy,) then
7. Ns <Ns +Ns x Ry

8. If(R, =LBy)and (Ry > LBy) then
9. Ns <Ns +Ns x Rp;

10. If (R, =LBy)and (Rn=LBy) then
11. Ngg <Ns+Ng X R ;

12. N <Ns+Ns X Ry;

13. Ns <Max(Ns;, Ng2 );

14, 1f (R, > 80%) and (R, > 80%) then
15. NSl eNS X (1' Rm ):
16. Ny <N, x (1-Ry):

17. Ns <Min(Ns;, Ns );

18. If (R, =DanLB,) then

19. nu <—Count(x; .label="no_class”)

20. np<-nt - nu;

21. n<R, x (np/Uyp);

22. If ( nu > n) then move (x,n+1, nu,Y);
23. If (R, >80% ) and ( count(Y)>0) then

24, move Y to X;

25.end procedure
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