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CN (test) | MA MA_V RSI KD MACD OBV Vote SVote R Weight N Weight O weight | Market Index
FHARGRE 3.6 27 35 14 1.9 25 5.2 4 24 2.8 4.8 X
REE 031 0.28 0.38 0.15 0.34 0.36 0.36 031 0.36 0.34 0.38 0.62
FEmE=E | 10.74%  5.82% 4.75% 8.12% 8.86%  14.52%  7.59% 6.47%  13.34% 11.69%  2.94% 3.18%
LR 0.25 0.10 0.04 0.33 0.17 0.32 0.12 0.11 0.28 0.25 -0.01 0.00

53 GIERIEDTREY REL

KR (test) | MA MA_V RSI KD MACD OBV Vote SVote R Weight N Weight O weight | Market Index
FHRSRE 2.9 4.2 23 2.6 2.5 23 5.8 3.8 4.7 3.8 51 X
RHEEE 0.17 0.21 0.15 0.20 0.16 0.20 0.17 0.14 0.20 0.24 0.17 0.29

FEHM=E | 1062% 120% 10.27% 637%  7.97% 1176% 844% 12.05% 9.54% 10.58% 10.13% 13.90%
BEEER -0.20 -0.59 -0.24 -0.39 -0.36 -0.11 -0.33 -0.13 -0.22 -0.14 -0.22 0.00
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US (test) | MA MA_V RSI KD MACD OBV Vote SVote R Weight N Weight O weight |Marketlndex
FHRGREY 3.4 3 3 18 2.1 3.4 5.2 2.8 24 23 34 X

IRAEE 0.10 0.10 0.10 0.07 0.10 0.13 0.11 0.08 0.08 0.15 0.12 0.17
FEmME | -1.14%  256% -510%  3.85% 0.76% 3.70% 0.25% 5.61% 0.46% 146%  -0.50% 0.19%

BEER -0.14 0.24 -0.51 0.54 0.05 0.28 0.00 0.69 0.03 0.08 -0.06 0.00
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MY (test) | MA MA_V RSI KD MACD OBV Vote SVote R Weight N Weight O weight | Market Index
FHARGRE 21 29 3 1.9 2 3 3.8 3.6 29 31 4.6 X
REE 0.10 0.08 0.09 0.12 0.12 0.14 0.14 0.13 0.14 0.11 0.15 0.23
FEmM=E | 6.17% 4.67% 6.33% 5.30% 5.67% 7.42% 8.34% 9.42% 6.75% 6.55% 5.19% 8.91%
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Sl (test) | MA MA_V RSI KD MACD OBV Vote SVote R Weight N Weight O weight | Market Index
FHERGRE 1.6 2.7 21 16 2.2 4.4 4.5 2.5 19 3.8 31 X
REE 0.23 0.10 0.23 0.18 0.17 0.11 0.27 0.19 0.12 0.21 0.26 0.30
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EERR 0.26 -0.41 0.08 -0.25 0.02 -0.29 0.01 0.15 -0.16 0.03 0.02 0.00
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Abstract

Nowadays people understand the importance of investment management. And the stock
investment is the one of the most popular investments because of the low threshold, open
information, and well development in the stock market. The techniques in stock market are
divided into two categories, selectivity and timing; that is, how to choose stocks (basic
analysis) and when to trade them accurately (technical analysis). It is difficult for most
stockholders to judge proper timing for sharing and selling that may cause them lose
tremendous money due to wrong decisions. For this reason, our research studied the technical
analysis to find proper timing in sharing and selling strategies. First, Genetic Algorithms
(GA) is conducted in this study which could improve some setting in the parameters of
technical indexes such as numbers of days or trading threshold by the past data in the
individual stock market. Next, to enhance the stability and accuracy of strategies, our
study experiment to ensemble some popular technical indexes. Finally, our ensemble
strategies are examined based on virtual transactions in various foreign stock markets and
display better performance than those of the most single indexes and buying and holding
strategy.
Keywords: Genetic Algorithms ~ Technical Index -~ Ensemble ~ Stock Market Timing



