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The ID3 Algorithm for Mining Rules of Students’ Suspension or
Withdrawal—Taking a University of Technology in South Taiwan for
Example
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Kao, Shu-Chen
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Abstract

The number of colleges and universities has been expanding rapidly, but the birth rate
has been decreasing annually in Taiwan. Furthermore, the amount of students’ suspension or
withdrawal also has been becoming more than before. The manager of universities encounters
more difficulties respecting to these problems. Thus, the problems of studying suspension and
withdrawal not only result in the waste of educational resources, but also produce such more
social problems. Therefore the problems about students’ suspension or withdrawal have been
becoming an important topic recently. In this study, ID3 (Iterative Dichotomization), which
is a well known data mining technology, is used to build the prediction model for resolving
the problem of students’ suspension or withdrawal. With the collected data, 231 rules are
generated with ID3 algorithm and the precise prediction rate of that calculation reaches is
95.37%. This result will provide the manager of university with valuable information to
prevent the situation of suspension or withdrawal.
Keywords: prediction of suspension, data mining, ID3 algorithm



