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Abstract

With the increasing of the investment demand in Taiwan, investors tend to invest in
multiple objects in order to gain the maximum of benefit. For another solution to help
investors making their decisions, we proposed a Fundamental-Analysis based Stock
Prediction Method. Contributions of the proposed method are as follows: (1) A Stock
Investment Decision-Support Model was proposed (2) A Stock Investment Decision-Support
Process was designed (3) A Fundamental-Analysis based Stock Prediction Method was
developed. Specifically, the Fundamental-Analysis based Stock Prediction Method has the
following advantages: (1) Providing candidate stocks with better financial situation for
investors; (2) The proposed indicators for the title of financial news and (3) Developed
Ensemble-Classifier Prediction Model improved the accuracy of prediction, and furthermore,
raised the investors' benefit.

Keywords: Ddecision Support, Fundamental Analysis, Multiple-Critria Decision Making,
Text Mining, Ensemble Classifier.
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