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Abstract

Since the banks in Taiwan face fierce competition in credit card market, keeping customers
has become more important for those companies. The banks always invest a lot of money in
identifying those customers who have a high risk of churn and then utilize the limited
resources to retain those customers. This study proposed a new churn prediction model which
combines temporal abstraction with association rule technology for analyzing credit card
customers’ data. Through an analysis result from a bank at Taiwan, the results indicated that

the proposed approach performs well.
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