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Abstract

Searching experts is an effective solution to solve problems and help make decisions in
an organization. Tranditional approaches of expert finding usually only record the expert
information without using a self-inference model nor the experts relationship. In the real
world, experts will be influenced by other experts, finding the most influence expert can give
a good chance to solve the given topic. In this paper we utilize the text mining technique and
social network analysis method to develop top-k support documents and expert search model.
We use text mining and similarity technique to find the candidate expert list. Using the
degree centrality of the expert candidate network and a given topic allows us to find the
expert of influence through the experts score rank. In such words, this approach combining
the reliability and influence between the experts can improve the accuracy of expert

recommendation for the topic-solving in the real world.

Keywords: Social Network; Expert Search; Degree Centrality; TOP-K support documents



