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Abatrac} The advent of computing has exacerbated the problen bf
Toverwhelning information. To manage the deluge of information
information extraction systems can be uzed to antomatically extract
relevant information from free-form text for update to databases or
for report generation. One of the major challenges to the information
extraction iz the representation of domain knowledge in the task, that
iz how to represent the meaning of the input text, the knowledge of
the %eld of application, and the knowledge about he target
information to be extracted. Ve have chosen a directed graph
structure, a domain ontology and a frame representation, respectively
Te have further developed a generic information extraction (GIE)
architecture that combines these knowledge structures for the tagk of

Abstract

In this paper we preseat the design, implementation and evaluation of SOBA, a system for ontology-base

from heierogeneous data resources, including plain text, tables and image captions. SOBA is capsble of processing structure]

Bl 2 Xpdf ##% PDF < #

formation extractior
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form text, further infer and derive new information. It analyzes the
input text into a graph structure and subsequently wnies the graph
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1. Introduction
(?) Hog many goals were gcored as a result of a penalty kick by a substitute
player?
(&) Show me pictures of| saves from the World Cup 2006,
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current research challenges in human - computer interaction and information
retrieval iz to provide
umers intnitive access to the growing amount of information that is
ubiquitongly available in the form of text, tables,
images, videos, etc.
For instance, let nz azsume a nzer interested in a specific domain,
football, who wonld like to get a precize and concige
?ﬁwer to questiona/requests such as:

. Anette Franke, Matthiag Hartunge,

say

(a) How many goals did Ronaldo score in the world championship 20067

(b) Show pictures in which Ronaldo commits a foul.
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2[With the exponential growth of Web contents, Recommender
“Igystem has become indispensable for discovering new infor-
-imation that might interest Web users. Despite their suc-
“lcess inthe industry, traditional recommender systems suffer
“ffrom several problems. First, the sparseness of the user-
“litem matrix seriously affects the recommendation quality.
“|Second, traditional recommender systems ignore the connec-
“fions ameng users, which loses the opportunity to provide
“imore accurate and personalized recommendations. In this
“|paper, aiming at providing mare realistic and accurate rec-
-lommendations, we propose afactor analysis-based optimiza-
“ftion framewoark to incerporate the user trust and distrust
“relationships into the recommender systems, The contribu-
“itions of this paper are three-fold; (1) We elaborate how user
“ldistrust information can benefit the recommender systems.
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Abstract

In this paper we present the design, implementation and evaluation of SOBA, a system for ontology-based information extraction
from heterogeneous data resources, including plain text, tables and image captions. SOBA is capable of processing structured
information, text and image captions to extract information and integrate it into a coherent knowledge base. To establish coherence,
SOBA interlinks the information extracted from different sources and detects duplicate information. The knowledge base produced by
SOBA can then be used to query for information contained in the different sources in an integrated and seamless manner. Overall, this
allows for advanced retrieval functionality by which questions can be answered precisely. A further distinguishing feature of the SOBA
system is that it straightforwardly integrates deep and shallow natural language processing to increase robustness and accuracy. We
discuss the implementation and application of the SOBA system within the SmartWeb multimodal dialog system. In addition, we present
a thorough evaluation of the different components of the system. However, an end-to-end evaluation of the whole SmartWeb system is
out of the scope of this paper and has been presented elsewhere by the SmartWeb consortium.

r 2008 Elsevier Ltd. All rights reserved.
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Abstract

Current tools for extracting text from pdf documents often suffer from the disorder
problem where the text flow is different from the original one especially when the layout is in
two columns. In this study we compared three free PDF extraction tools, and found that
PDFBox can provide more complete information (in terms of font and position of the text),
though its performance might still be influenced by the rendering tools (rendering tools are
used to convert document to pdf format). Therefore, we proposed to use the font and position
information of text obtained by PDFBox to reconstruct the text order and further to extract the
title and section headings. These extracted title and section headings can benefit the
subsequent text mining process. The experiment results show that our proposed method can
effectively extract the title: The Fl-measure of journal papers is 0.98, the F1 of conference
papers is 0.97, as well as section headings: The F1-measure of journal papers is 0.97, the F1
of conference papers is 0.80; The accuracy of extracted title for journal papers is 100%, and

for conference papers it is 96%.

Keywords: title extraction, heading extraction, PDFBox, font information, position
information



