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Abstract

MOEA/D is a new trend of multi-objective optimization problem research in recent
years. Using the concept of decomposition in object space to improve the multi-objective
optimization evolution algorithm (MOEA) and decomposes multi-objective optimization
problem into a number of single sub-problems. MOEA/D develop a group of candidate
solution by using uniform spread weight vector, and optimizes the sub-problems
simultaneously to attain well convergence and diversity. In this paper we propose two
improvable strategies based on the concept of slop and projection .Slop update algorithm use
the guide lines which are formed by origin and reference points in object space to be guide
direction of evolution. Projection update algorithm add the concept of € -constraint
programming which limit the other object dimensions in minimum range possible and explore
optimal solution in single object dimension. Furthermore, we combined the Path-relinking
algorithm in order to improve the uneven candidate solution with each other. In experiments
and result, the method we proposed also perform better than the traditional MOEA/D in the
seven benchmark problem instances.
Keywords : decomposition ~ multi-objective evolution algorithm ~ slop ~ € -constraint - path
relinking
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