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Abstract

The time series studies is through the training historical data to build model, and then use
it to predict future trends.  Artificial Intelligence in gene expression programming is a very
effective and fast algorithm. But for the prediction problems, especially in multicellular
structure, none of method can better solve. For this reason, we propose an improvement Gene
Expression Programming method, combining the concept of ADF (Automatically Defined
Functions) and RNC(Random Numerical Constants). The idea is like co-evolution, but in
different way, it save some information end of the evolution, and reuse it in another evolution.
In this study, we are going to use the Wolfer sunspots series data as the experimental task. The
simulation results showed that our proposed method, in addition to good performance on the

convergence evolution, but also improve the stability of the model.

Keywords: Gene Expression Programming, Time Series, Automatically Defined Functions,
Random Numerical Constants
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