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Abstract

With the digitization of knowledge, all kind of documents are gradually transformed into
electronic form in order to transfer easily. However, due to the rapid increase of the amount of
data, researchers cannot extract important information even though they can collect research
data easier. In order to find research materials efficiently, people use topic detection and
tracking technology to generalize topics of research papers and trends of research topics.
Nevertheless, the methods in the past only have one date set, and no one focused on analyzing
research trends. Therefore, this paper takes a advantages of the relations of papers between
conferences and journals to do topic tracking. Besides, we also take semantics and citation
count into consideration on feature selection to increase the efficiency of clustering. We can
help researchers to reduce the wasting of time working on selecting research field by
providing hot topics and trend analysis of each topic to them.
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