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Abstract
This study tries to combine the Discriminant-Analysis and t-test with Least Squares
Support Vector Machine to build a two-step prediction model of financial distress. We focused
on the result variations of the different feature selection methods combining different SVM.
We found that the feature selection of t-test had better accuracy in predicting the model and
the LS-SVM was better than SVM in building prediction models of financial distress.
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