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Abstract

Due to the rapid development of World Wide Web in the past decades, web mining
becomes a vital technology in data mining. To efficiently discover implicit but important user
navigation patterns is one of important issues in web mining. The study first reviewed the
utility preference mining of web navigation patterns proposed by Chen and Yeh. With the
increasing amount of web log data, how to improve the algorithm performance attracts the
more attention. This study adopted the cloud computing platform, Hadoop, and implemented
MapReduce methodology for utility preference mining of web navigation patterns. The
experimental results show that the proposed method is more efficient and scalable than a

single machine platform.
Keywords: Data mining, Utility mining, Cloud computing, MapReduce, Web mining.



