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Abstract

There are more and more studies in the area of classifying protein-protein recognition in
recently years. By studying how protein-protein recognition works inside the protein complex,
it is helpful when determining the significances of each amino acid on bioinformatics.
Therefore, by using the properties of each amino acid ratio on protein-protein recognition
complex and non-recognition complex, we can induce some rules that are meaningful on
protein-protein recognition. In data mining, association rule mining is a well-known method
for discovering the potential association relationships. In this paper, we present a classifying
method with association rule on protein-protein recognition based on the contrast ratio of each
amino acid in protein binding site. We successfully classify the recognition proteins with an
average accuracy rate of 95% with leave-one out cross-validation.
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