$LCEFRFRER AN
flr AECEERARBABED B

mLr T gmEl mz i’ 15T
I A Y Rt
PR EAFTIPHERL
TR APHAB AR F SR
*E-mail: ccchen@mail.stut.edu.tw

2

AP L URBERLDETRIFBOTE KR & - LLET R ZH L LR
e B R dgste o I FR4E 8 (data mining) @ eha 3 1 (clustering) LA 175 B e
Boanp i e o 2 @ KEE & S FB P Ao k210 K- BAFEI 2 SRR
AEAKBHE > F - BEE? PBETHRL G A R E > 2 KEHE ek
R ReR R RSB FEY BABEET A RL OB R o AP TR
DS o KPP HEE - BRAABDEFD LR A RaiER R o - AR
PARALERA R - 2 TRAERD XFR AR DAFLE - 7 R B G D5

e

Mekin @ FHED  AHEDL BETE BB



B EFASRER G

An\

F17 AHMEE R R LA RIS 5

’

1. # 4
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Clustering (s1, S2, ..., Sk) {
ifk=1{
PR LE TR TS s 2 B epkip iR
F ORI L] AR AR R o PR R TJETF@%*“ S1-¥
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break;
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] ERE REE wHo \BA0 EEO ERE TEO REoD HEHE  Adob PDFE) -8 x
RN R NIE NN AR NECREN RN A AT AR =R RANCN - Hheole |
E B2 [ c3 3

4314 HAmgER Lt otelzia and fever for 1 dey purnlent thinoy J02EE R HHBM M ISR PHI4619 SHREIEIN 24
4315 BarEft Sneezing(Rhinorrhia) for & long time improv 477 @& 5*478 ] EEFEEK

4316 BAmgER §-T ,H-0 & porulent rhinorrhea fpr 1 week 4623
4317 BAmgER Husky woice and much sputom for 162 yr Lt- 472 20848

4318 BarERt 5-T and congh for 1+ year 477 HBEI R

4319 B2 bl tinnitus for a long timne 225.1 Biin MERERE308.30 HIR390.40 IBERE

4320 BHAmgER cough with ellow sputam for 1 week nigh o 4622 HIRZTTS  SBETERIE

4321 H2MEft  op SMPno N-O 461 SEMREIT  AFMRERTE0  BRINKRTT SH ik F AE
4322 HAMER Speech disorder for evaluation JN04EEREE

4323 HAMER Vertigo for a long time 386Menier=FoA

4324 BBMEEL  nasal discharge with brownish color, nasal ob 461 2 MBEH21470  2IF FEREMERT] S 0RE 7R AIDA
4325 BRmF HLI fora long time Tiunitus for months (RY, 386 45888 E300.30 EIg 3869 HEEHRE
4326 BBMEEL  H-O fora long time Tinnitus for months (R, 4705 PfREMA700 SRLA4739 BEE (184 H2ERREHED
4327 2R Tinnitus for months (B, L) 382 8RR P ES 38830 HIR

4320 H2MERL  SMP Rhinomhes: vellowish 478RFIEA4T0  BPREEEYET00  FTiEEHAaEaTT SR MBEIE A

4320 HE@MEEL  Rhinowhea: yelowish offand on sneezing 473024 FEEEI0  RPREMIT00 SRRV 00FHREHE
4330 BBMEEL  nasal discharge with brownish color, nasal ob 473 9B EFSE (184 470 AP@EEM4T00 BRIERT7 oHitHER FF
4331 HEWRRl  Rhinomhea: clear SMNBPREEmITE0 BRAIRTIE  HitiheE AL BRER I
4332 HBMEEL nasal discharge with brownish color, nasal ob 477 R MBI B @EIERITA70  AdfEEhare0 SBEL
4333 BAMgER purlent nasal discharge, nassl pain browndish 461 S HERE I SPMEEMTE0  BRAIEEVETI0FHE GG E
4334 HAMgER Vertign attack rently Sneezing(Rhinorrhes) i 386Menier= oA

4335 BRmR N-O for a long time RTC for nasal L/T masal 461 32 MREI4778  BEHAE4T00  BFRIEATETI0FHE BT

4336 BAMgER Husky woice for 1 month 385 MBRERE470.5 B HMER
4337 BAmER Vertign with tinnitus for  long time N-0 2251 fft03 R ERERE200.30 HiIRleD HEEHENFREERINDTE
4238 HAMERI  Hearing impairement IWLABMARE PR 060 SRR K ERm040 BHAE
4330 HEMREl  leftear trouma Eor itching B2AMBMAR PR 305.20 MElEEa060  EERRRERRIES
4340 Bare} Vertigo 30EMeniere LR 3
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- fe 7 41 * ICD-9-CM#5 (The International Classification of Disease, 9th Revision,
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2126 184EAF
2127 184EAF
2128 1H4EAF
2120 1H4EAFL
2130 3EHEMEL
2131 EHEMEL
2132 J84EMTL
2133 J94EMTL
2134 18HEMTL
2135 8B
2136 1HEEPFEL
2137 1HAERFEL
2138 HEEAE
2133 EEAE
2140 EEPAEL
2141 EEAE
2142 #EEME
2147 WEEME]
2144 EEEME]
2145 #EEME
2146 #EEAFE
2147 #EEAFE
2148 1HEEPIFY
2149 1HEEPIFY
2150 1HEEPIFY
2151 1HEEPIFY
2152 184EAFY

]
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| tess (1T 256 (EJ0T0

0013,50076,50437
50323
50013,80076,80172,50437
50075,50237,80437
50012,50002,80241
0009,50076,50437
0008,50191
0101,80453
50013,80032

0070
S0032,80076,80437
50032,80437
0008,80161

0013

§0032,80075
0008,30317
§0013,80032,40075
000830013
S0013,80042,80100,30191,80333,80453
0260
S0245,80005,50052,30245
0008, 0005,80092,30317
50283

0013,50075

50009

5000950013
5000950317

2009,354.1

300.00,401.1,438.9
200.00,352.4,386.9,401 1,428.0,400
200.9,401.1,600.0
386.0,435.1,438.0

050,300.9,350.2, 780,805
272.0,274.0,331 0,333 0,401 1,564 0
331

401,780 4

250,010,434 91

009,734

784

3533

272.0,300 (12,386 5,437 5,434 90
7804

4011438 2,720 1

300 4,306 12,780 57

250,010,300 4,402 90,434 91,730 1
3300401 1,414 05,433 10,729.1,780.4
33362

300.00,401 5,433 11,719 41,784 0
004,401 0,453 11,491 8,729 1
250,00,280.0,372.10,401.1,434.9,531.70
3004,310.2
353.4,401.1,413.9,424.1,739.1,786
3469

110.1,701.1,705.81,739.1
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Using Clustering Techniques to Build Mining System of
Diagnoses Diseases for Patients

Chui-Cheng Chen” Ming-Xian Yang" Tsung-YiChen’*  Jing-Ping Lee®
YInstitute of Information Management, Southern Taiwan University
Department of Electronic Commerce Management, Nanhua University
3Electronic Business Program, Southern Taiwan University
*E-mail: ccchen@mail.stut.edu.tw

Abstract

This paper uses diagnostic data as the source of mining, and each diagnostic data
includes a patient’s diagnosed diseases and symptoms. Clustering technique in data mining is
used to analyze tendentiousness of a patient’s diagnosed diseases. Let k patient as the target of
mining, k>1, we present a clustering method to cluster diagnostic data to k groups with the
maximum similarity of symptoms. The most possible diagnosed diseases of the patients’
symptoms are found from each group. According to the presented method, a mining system of
diagnoses diseases for patients is designed and built. The results of mining can provide very
useful information for self-diagnose diseases of people and diagnose diseases of inexperience
hospital staffs.
Keywords: data mining, clustering, diagnostic data, disease
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