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7055 % 79.67%% 85.71% @ 11 2 BR B2 - S iR L (o(E)) R BLRIE RIS cfR
TRNGESE  frH - S EMFGOLE T x> EN Vote B E 2L REH L FE A
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Abstract

According to the statistics form USRD, the incidence and prevalence of hemodialysis
diseases is now ranked the first highest in the world as the number of patients keeps
increasing and the dialysis population in Taiwan is now up to over 40,000 people.

End stage renal disease (ESRD) patients with POAD are increasing the risk of admission
and dead. Therefore, if we discover the symptom and put it into remedy early, we can stop the
end stage renal disease from rising, and then improve the early onset of end stage renal
disease so as to reduce the waste of health care recourses.

This study refers to the cases of chronic renal disease patients managed by a southern
regional hospital. We try to examine the supervised learning techniques that we select to
construct the prediction systems and find out a trustworthy prediction model for the survival
of hemodialysis patients. Finally, the experimental outcome indicates the well performance of
the prediction system.


mailto:yahan.hu@mis.ccu.edu.tw�
mailto:allenlo.tw@gmail.com�
mailto:wusu_may@yahoo.com.tw�

